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THEORETICAL FRAMEWORK  
[bookmark: _Toc241072033]2.1 Theoritical Foundation
This section lays out the theoretical foundation behind the study, walking through the main concepts and theories tied to Generative Artificial Intelligence, the Theory of Planned Behaviour, and the variables examined in this research.
[bookmark: _Toc241072034]2.1.1 Generative Artificial Intelligence
Generative Artificial Intelligence (GenAI) is one of the fastest-growing branches of artificial intelligence to emerge over the past decade. Where conventional AI systems mainly classify or predict based on existing data, GenAI is built to generate new content, text, images, audio, computer code, by learning the patterns hidden in vast amounts of training data. Foster (2023) explains that the essence of generative modelling lies in a model’s grasp of how a dataset is probabilistically generated, which lets it produce new samples that are statistically similar to the original data despite never having existed before. This conceptual groundwork matters before turning to how GenAI is actually applied in education, and in English language teaching specifically. 
Technically speaking, this generative capability grew out of continuous advances in deep learning architectures since the mid-2010s. Feuerriegel & Janiesch (2024) define GenAI as generative modelling implemented through machine learning architectures, letting systems create new data from patterns they have already learned. That definition makes an important point: GenAI is not just another automation tool. It shows a kind of statistical creativity, since its outputs are not fixed and can vary even when given the same input more than once. The rise of Large Language Models (LLMs) marked a real turning point that pushed GenAI into mainstream use, especially after ChatGPT launched in late 2022 and pulled in millions of users within days. 
GenAI reaches well beyond conversational chatbots. Models such as GPT, DALL·E, and Copilot cover different generative domains, from text generation and image creation to programming assistance (Feuerriegel & Janiesch, 2024). This versatility has let GenAI spread quickly across many sectors, education included. Baidoo-anu & Ansah (2023) note that ChatGPT’s arrival struck educators in particular because the technology can carry out complex tasks once thought to require human reasoning, from answering analytical questions to producing instructional materials almost instantly. 
In education, GenAI opens up real opportunities while also raising challenges that cannot be brushed aside. Bannert et al. (2023) argue that large language models can support personalised learning, give immediate formative feedback, and help teachers build more varied instructional materials. At the same time, they point out that these technologies can produce inaccurate information, carry over biases from their training data, and encourage teachers and students alike to lean on them too heavily. Baidoo-anu & Ansah (2023) make a similar point: GenAI can make learning more interactive, but that potential only pays off if it comes with real awareness of its limits, particularly around how reliable and accurate its outputs actually are. 
Because these opportunities and challenges exist side by side, understanding teachers’ behavioural intention to adopt GenAI becomes especially important, particularly for pre-service EFL teachers who will eventually meet this technology in their own classrooms. As a language teaching tool, GenAI stands apart from earlier educational technologies in that it can follow linguistic context instead of just reacting to fixed keywords the way rule-based chatbots do. These generative, adaptive qualities set up the groundwork for understanding how attitude, subjective norm, and perceived behavioural control, the three pillars of the Theory of Planned Behaviour, shape pre-service EFL teachers’ intention to bring Generative Artificial Intelligence into their future teaching.
[bookmark: _Toc241072035]2.1.2 Pre-service EFL Teachers
The term pre-service EFL teacher describes someone still enrolled in a formal teacher education program who has not yet entered the profession as a full-time, certified English language educator. Unlike in-service teachers who already carry classroom responsibility on their shoulders, pre-service teachers sit in a transitional space, no longer just students of pedagogy but not yet fully practitioners of it either (Richards & Farrel, 2005). Richards and Farrell (2005) describe professional development for language teachers as an ongoing, strategic learning process, and pre-service training marks its earliest and arguably most formative stage. During this period, prospective teachers take in theories of second language acquisition, classroom management, and curriculum design, while also being pushed to reflect critically on how those theories play out in real teaching decisions. Kumaravadivelu (2012) frames this preparation as a modular process of knowing, analysing, recognising, doing, and seeing, a framework that captures how pre-service teachers move step by step from abstract knowledge toward practice grounded in real classrooms. 
What sets pre-service teachers apart as a group worth studying is that their professional identity is still taking shape. Since they have not yet built up years of classroom experience, their beliefs, attitudes, and behavioural tendencies toward instructional technologies remain fairly open to change (Richards & Farrel, 2005). That openness matters a great deal when the innovation in question is as recent as generative AI. Compared with experienced teachers whose instructional routines may already be locked in, pre-service teachers are still working out their professional identities and instructional preferences (Kumaravadivelu, 2012). They do carry prior beliefs shaped by their own experience as language learners, but their teaching practices themselves have not yet solidified. 
This formative stage matters even more given how quickly generative AI has worked its way into teacher education. Recent studies have looked at pre-service teachers’ intention to adopt generative AI from a range of theoretical angles. Y. Liu et al. (2025) examined pre-service teachers’ intention to adopt generative AI tools in educational settings, while Y. Wang, Pi, et al. (2025) found that social influence and facilitating conditions significantly shaped pre-service teachers’ intention to keep using ChatGPT. Sanusi et al. (2024) applied the Theory of Planned Behaviour to pre-service teachers’ perceptions of artificial intelligence and showed that behavioural factors play a real role in AI adoption. Taken together, these findings suggest pre-service teachers weigh generative AI not just on its perceived usefulness but also on how their social environment responds and how much support their institutions provide. 
For these reasons, pre-service EFL teachers make a fitting population for studying behavioural intention toward generative AI. They sit at the stage where AI literacy, pedagogical beliefs, and future instructional habits start to form, before long-term professional patterns set in. Looking at their behavioural intention, then, offers a useful window into how generative AI might be taken up in EFL classrooms down the line. This reasoning fits closely with the Theory of Planned Behaviour, which explains behavioural intention through attitude, subjective norm, and perceived behavioural control (Ajzen, 1991).
[bookmark: _Toc241072036]2.1.3 Theory of Planned Behaviour
The Theory of Planned Behaviour (TPB) was proposed by Icek Ajzen as an extension of the Theory of Reasoned Action developed with Martin Fishbein in the 1970s (Ajzen, 1991). TPB explains that human behaviour is guided by three types of beliefs, namely behavioural beliefs, normative beliefs, and control beliefs. These beliefs form attitude toward the behaviour, subjective norm, and perceived behavioural control, which subsequently shape behavioural intention. The theory was developed to address the limitation of the Theory of Reasoned Action, particularly because some behaviours are influenced by factors beyond an individual's complete control, such as resources, opportunities, and abilities (Ajzen, 1991).
In TPB, behavioural intention is considered the most immediate predictor of actual behaviour. It is shaped by attitude toward the behaviour, subjective norm, and perceived behavioural control. Attitude refers to an individual's positive or negative evaluation of the behaviour, subjective norm concerns perceived social expectations, while perceived behavioural control reflects the perceived ease or difficulty of performing the behaviour (Ajzen, 1991, 2005). Perceived behavioural control may also have a direct relationship with actual behaviour when it accurately represents an individual's actual control over the behaviour (Ajzen, 1991).
TPB has been widely applied in educational technology research. Cheon et al. (2012) used TPB to examine college students' intention to adopt mobile learning, while Archie et al. (2022) applied the theory to teachers' use of evidence-based teaching practices. In the context of artificial intelligence, Sanusi et al. (2024) found that attitude, subjective norm, and perceived behavioural control were related to pre-service teachers' intention to learn about artificial intelligence. Therefore, TPB provides an appropriate theoretical foundation for examining pre-service EFL teachers' behavioural intention to use Generative Artificial Intelligence in their future teaching.
[bookmark: _Toc241072037]2.1.4 Attitude toward the Use of Generative AI
Attitude toward the behaviour refers to an individual's positive or negative evaluation of performing a particular behaviour (Ajzen, 1991). It is formed through behavioural beliefs about the expected consequences of the behaviour and the evaluation of those consequences (Ajzen, 2005). In this study, attitude toward the use of Generative Artificial Intelligence refers to how positively or negatively pre-service EFL teachers evaluate the use of Generative AI for activities such as lesson planning, instructional support, assessment, and classroom activities.
Previous studies indicate that attitudes toward Generative AI among pre-service teachers can be influenced by their confidence, technological competence, and perceptions of its pedagogical value. Al Darayseh (2023) found that teachers' attitudes were related to AI acceptance, while Moorhouse and Kohnke (2024) reported that pre-service teachers recognised the potential of Generative AI to reshape teaching but still expressed concerns about their ability to integrate it effectively. Heine and König (2025) similarly found that weaker digital foundations and lower self-efficacy were associated with more negative perceptions of ChatGPT. Bae et al. (2024) further reported that pre-service teachers could simultaneously recognise the benefits of Generative AI and express concerns about overreliance and pedagogical appropriateness. These findings indicate that attitude is an important factor to consider when examining pre-service teachers' behavioural intention to use Generative AI.
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Subjective norm refers to the perceived social pressure to perform or not perform a behaviour (Ajzen, 1991). It is based on normative beliefs concerning the expectations of important people or groups and an individual's motivation to follow those expectations (Ajzen, 2005). In this study, subjective norm refers to the extent to which pre-service EFL teachers perceive that lecturers, mentor teachers, peers, or other relevant individuals expect them to use Generative Artificial Intelligence in their future teaching.
Previous research has demonstrated the relevance of social expectations in technology adoption among teachers. Teo (2010) found that social influence from lecturers, peers, and teacher education programmes affected pre-service teachers' intention to use technology. Ursavaş et al. (2019) also reported differences in the role of subjective norm between pre-service and in-service teachers, indicating that social expectations may vary according to teachers' professional development. More recent research has also supported this relationship. Sun et al. (2025) found that subjective norm significantly predicted pre-service teachers' acceptance of Generative AI, while Sanusi (2024) identified subjective norm as one of the important predictors of pre-service teachers' intention to learn artificial intelligence. These findings support the relevance of subjective norm in understanding pre-service EFL teachers' intention to use Generative AI.
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Perceived behavioural control (PBC) refers to an individual's perception of how easy or difficult it is to perform a behaviour (Ajzen, 1991). It reflects perceived capability as well as the availability of resources and opportunities needed to perform the behaviour. Ajzen (2002) further explains PBC through self-efficacy and controllability. Self-efficacy concerns confidence in one's ability to perform the behaviour, whereas controllability concerns the extent to which the behaviour is perceived to be under one's control.
PBC is particularly relevant to the use of Generative AI because teachers may require technological skills, resources, opportunities, and institutional support to integrate it into teaching. Chapman et al. (2026) found that teachers' readiness to adopt Generative AI was closely related to their beliefs, self-efficacy, and perceptions of opportunities and barriers. Y. Wang, Pi, et al. (2025) also reported that PBC contributed to teachers' adoption of Generative AI. Among pre-service teachers, Sanusi et al. (2024) found that PBC contributed to their intention to learn artificial intelligence, while Parviz and Arthur (2025) reported an important role of PBC in EFL teachers' intention to integrate Generative AI into teaching. Thus, PBC provides an important basis for examining whether pre-service EFL teachers perceive themselves as capable of using Generative AI in their future teaching.
[bookmark: _Toc241072040]2.1.7 Behavioural Intention
Behavioural intention refers to an individual's readiness and willingness to perform a particular behaviour (Ajzen, 1991). Within TPB, it represents the immediate antecedent of behaviour and is shaped by attitude, subjective norm, and perceived behavioural control. In this study, behavioural intention refers to the intention of pre-service EFL teachers to use Generative Artificial Intelligence in their future teaching activities.
The measurement of behavioural intention should correspond closely to the behaviour being examined. Fishbein and Ajzen (2011) introduced the TACT principle, which emphasises consistency in the Target, Action, Context, and Time of measurement. They also described the intention-behaviour gap, in which an individual's intention may not always result in actual behaviour because of situational constraints or limited resources. In educational technology research, Chapman et al. (2026) found a close relationship between teachers' readiness to adopt Generative AI and their intention to integrate it into teaching. Sanusi et al. (2024) also reported that subjective norm and AI knowledge were important determinants of pre-service teachers' intention to learn artificial intelligence. Parviz and Arthur (2025) further showed that technological and pedagogical factors were related to EFL teachers' intention to integrate Generative AI. However, research specifically examining behavioural intention among pre-service EFL teachers through TPB, particularly in the Indonesian context, remains limited. This gap provides a basis for examining the behavioural intention of pre-service EFL teachers to use Generative AI in their future teaching.
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Previous studies have approached teachers’ behavioural intention to use GenAI from a range of educational contexts and theoretical angles. The review below zeroes in on studies that connect most closely to this research, particularly those looking at GenAI adoption among teachers and pre-service teachers.
[bookmark: _Toc241072042]2.2.1 Review of Previous Study
Several studies have looked into what shapes teachers’ intention to use GenAI in education. Ramnarain et al. (2025) studied pre-service science teachers’ intention to use GenAI in inquiry-based teaching at a South African university, pairing a survey with follow-up interviews in a sequential explanatory design. Their results showed AI literacy, subjective norm, attitude, perceived behavioural control, and perceived usefulness all significantly predicted behavioural intention, while concern about GenAI and perceived skill readiness did not. Chapman et al. (2026) reported something similar, surveying 111 in-service teachers across the Australian Capital Territory using TPB as their guiding framework. Principal component analysis turned up four dimensions of teacher readiness, integration skills, perceived threats, perceived opportunities, and classroom use, suggesting readiness for GenAI is made up of several interlocking dimensions rather than one single construct. Together, these studies confirm TPB’s relevance for explaining teachers’ intention to adopt GenAI, though both focused on science or general subject teachers, leaving language education largely untouched. 
Earlier, Hou et al. (2022) studied 811 Chinese pre-service teachers using an extended TPB model that folded in constructivist pedagogical beliefs and ICT competencies as additional variables. Structural equation modelling accounted for 75% of the variance in behavioural intention, with attitude, subjective norm, and perceived behavioural control all coming out as significant predictors. That said, the technology in question was technology-enabled learning broadly rather than GenAI specifically, which limits how directly the findings apply to today’s AI context. Suson (2025), working with Filipino pre-service teachers, zoomed in on GenAI use for academic research tasks and found attitude and performance-related beliefs were the strongest predictors of behavioural intention. Even so, the model leaned closer to UTAUT than to the original TPB framework, and the participants were pre-service teachers in general rather than those specialising in English language education. 
Among existing studies, G. L. Liu & Wang (2024) and C. Wang et al. (2026) come closest to this research in terms of context and participants, since both focused on EFL teachers. G. L. Liu & Wang (2024) surveyed 1,008 in-service Chinese EFL teachers using TPB to explain their intention to bring informal digital learning of English (IDLE) into formal classroom practice, finding attitude, subjective norm, and perceived behavioural control all significantly predicted behavioural intention, further backing TPB’s explanatory power in language education. C. Wang et al. (2026), by contrast, looked at 187 university EFL teachers’ affective and cognitive responses to ChatGPT using an extended Technology Acceptance Model (TAM), finding that self-efficacy and facilitating conditions significantly shaped perceived ease of use, while prior AI experience barely affected attitude formation. Both studies underline why EFL teachers matter as a research population, but neither pairs TPB with GenAI use among this specific group, which is exactly where the present study is headed. 
Two more studies bring in variables highly relevant to this research, even with different participant groups. C. Wang et al. (2025) surveyed Chinese university students and folded AI literacy into a TPB framework, finding that AI literacy and subjective norm significantly shaped attitudes toward GenAI, with attitude mediating their effect on behavioural intention; overall, the model explained 59.3% of the variance in behavioural intention. This gives empirical backing for bringing AI literacy into TPB-based research. Acquah et al. (2024), meanwhile, studied 783 Ghanaian pre-service teachers using the UTAUT2 framework with a dual-staged PLS-SEM-ANN approach to look at behavioural intention to use AI in lesson planning, and found social influence to be the strongest predictor, followed by performance expectancy and effort expectancy, with hedonic motivation not reaching significance. Both studies stress the importance of AI literacy and social influence, but neither applies these variables within a TPB framework involving pre-service EFL teachers. 
These studies offer real insight into what drives AI adoption, but important gaps remain relative to this research. C. Wang, Du, et al. (2025) looked at learners’ acceptance and use of multimodal AI-generated content in informal digital English learning rather than teachers’ intention to use GenAI in their instruction, which is useful for understanding AI acceptance in language learning but does not really explain how prospective English teachers come to intend using GenAI in their future teaching. Acquah et al. (2024) similarly focused on pre-service teachers’ intention to use AI for lesson planning through a UTAUT2-based framework rather than the Theory of Planned Behaviour. Previous research, in short, has tackled AI adoption from several theoretical and contextual angles, but the specific overlap between GenAI, EFL teacher education, and TPB remains fairly untouched. 
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